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The Silicon Arbiter: 
AI-Generated Arbitration 
Awards and the Federal 
Arbitration Act—Part I

David L. Evans*

�e emergence of arti�cial intelligence (AI) systems has made urgent a ques-
tion that would have seemed absurd to the dra�ers of the Federal Arbitration 
Act (FAA): whether algorithms might generate binding arbitral awards with-
out human involvement. �is two-part article concludes that, under the FAA 
as currently written, such awards cannot be enforced. Yet this article does not 
end with a negative prognosis for AI’s place in arbitration. Instead, it makes 
suggestions for legislative reform addressing informed consent, explainability, 
bias mitigation, accountability, and meaningful judicial review.

A�er a brief introduction, this �rst part of this two-part article frames 
the enforceability question precisely, distinguishing pure AI arbitration from 
AI-assisted human arbitration and explaining why this article focuses on 
judicial enforcement rather than initial contractual validity; establishes 
the textualist interpretive framework, explaining why the Supreme Court’s 
recent decision in Loper Bright Enterprises v. Raimondo controls and what 
that methodology requires; applies the major questions doctrine from West 
Virginia v. EPA, demonstrating that recognizing AI-generated awards would 
constitute precisely the kind of major question requiring explicit congressional 
authorization; and applies textualist analysis to the FAA, demonstrating 
through dictionary de�nitions, statutory structure, and Section 10’s vacatur 
grounds that the statute presupposes human arbitrators. 

�e conclusion of this article, to be published in the next issue of �e 
Journal of Robotics, Arti�cial Intelligence & Law, will address constitu-
tional concerns under both the Due Process Clause and Article III; respond 
to counterarguments based on party autonomy, engaging particularly with 
Professor Szalai’s recent purposivist arguments; distinguish AI-assisted arbi-
tration from AI-generated awards and provide guidance on where the line 
falls; propose a legislative framework for those who would chart a di�erent 
course; and o�er a conclusion.

Introduction

On November 3, 2025, the American Arbitration Association-
International Centre for Dispute Resolution (together, AAA) 
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launched what it called an “AI Arbitrator” for documents-only con-
struction disputes.1 The system, trained on over 1,500 construction 
arbitration awards, generates draft decisions that human arbitrators 
review before issuing final awards. Significantly, the AAA is using a 
“human-in-the-loop” framework, perhaps cognizant that questions 
persist about whether a purely artificial intelligence (AI)–generated 
award could be enforced. Start-ups have begun marketing AI dis-
pute resolution products that purport to render binding decisions 
without any meaningful human oversight.2 These developments 
raise a fundamental legal question that deserves rigorous analysis: 
Would awards issued solely by AI arbitrators be confirmable under 
the Federal Arbitration Act?

The Federal Arbitration Act (FAA)3 was enacted in 1925, when 
the very notion of AI resided solely in the realm of science fic-
tion. Congress could not have contemplated, nor did it purport 
to address, the possibility that parties might one day submit their 
disputes to algorithmic resolution rather than human judgment. 
The question now presented is: When parties agree that an AI 
system shall resolve their dispute and render a binding decision, 
does the resulting determination constitute an “award” that courts 
may confirm under the FAA?

This article posits that the answer is no. Under the FAA as cur-
rently written, AI-generated arbitral awards cannot be enforced, 
regardless of party consent. This conclusion follows from principles 
of statutory interpretation that the Supreme Court has recently rein-
forced. The FAA’s use of “arbitrator” unambiguously contemplates 
human decision-makers. Party autonomy, however foundational to 
arbitration, operates within statutory bounds and cannot expand 
“arbitrator” to include entities Congress never contemplated.

The textual obstacles are not merely formal. The FAA’s vacatur 
provisions create what might be called a “vacatur gap”: a jurispru-
dential void where algorithmic errors, hallucinations, and system-
atic biases would be immune from the statutory checks Congress 
designed to ensure arbitral integrity. Section 10 permits courts to 
vacate awards procured by “corruption” or “fraud,” rendered by 
arbitrators exhibiting “evident partiality,” or reflecting “miscon-
duct.” Each ground presupposes a human decision-maker capable 
of moral failure. When the arbitrator is a machine, these safeguards 
become nullities.

Alternative dispute resolution (ADR) practitioners hold dif-
ferent perspectives on the use of AI to decide cases. Some see 
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enormous benefits in the new technology. Others express profound 
concerns about replacing human judgment with algorithmic deci-
sion-making. But regardless of one’s view on the desirability of AI 
arbitrators, the legal question of enforceability must be answered 
through statutory interpretation, not technological enthusiasm or 
anxiety.

The enforceability question has immediate practical signifi-
cance. Without clear legal authorization, parties who agree to AI 
arbitration face uncertainty about whether resulting “awards” can 
be confirmed in court under the FAA. This uncertainty undermines 
arbitration’s core advantage: providing economical, efficient and 
enforceable resolution of disputes. This article addresses that uncer-
tainty by providing the statutory analysis the question demands.

But this article’s negative conclusion is not fixed. The technolog-
ical capabilities that make AI arbitration conceivable will continue 
to advance. Commercial pressures toward faster, cheaper dispute 
resolution will intensify. If society determines that AI-generated 
awards should be enforceable, the appropriate path is legislative 
action rather than judicial reinterpretation. Accordingly, this article 
proposes a framework for what such legislation should address.

This two-part article proceeds as follows. Here, the next section 
frames the enforceability question precisely, distinguishing pure 
AI arbitration from AI-assisted human arbitration and explaining 
why this article focuses on judicial enforcement rather than initial 
contractual validity. The third section establishes the textualist 
interpretive framework, explaining why the Supreme Court’s recent 
decision in Loper Bright Enterprises v. Raimondo controls and what 
that methodology requires. The fourth section applies the major 
questions doctrine from West Virginia v. EPA, demonstrating that 
recognizing AI-generated awards would constitute precisely the 
kind of major question requiring explicit congressional authoriza-
tion. The fifth section applies textualist analysis to the FAA, dem-
onstrating through dictionary definitions, statutory structure, and 
Section 10’s vacatur grounds that the statute presupposes human 
arbitrators. 

The conclusion of this article will contain the sixth section, 
which addresses constitutional concerns under both the Due Pro-
cess Clause and Article III; the seventh section, which responds 
to counterarguments based on party autonomy, engaging par-
ticularly with Professor Szalai’s recent purposivist arguments; the 
eighth section, which distinguishes AI-assisted arbitration from 
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AI-generated awards and provides guidance on where the line falls; 
the ninth section, which proposes a legislative framework for those 
who would chart a different course; and the tenth section, which 
contains the conclusion.4

Defining the Problem

Can parties to a dispute agree to have an AI system decide the 
dispute for them? In a trivial sense, of course the answer is yes. 
If A and B agree to flip a coin to resolve their dispute, and both 
honor that agreement, the dispute is resolved. No legal enforcement 
mechanism is necessary.

If A and B agree to have an AI system decide the dispute for 
them, and A is dissatisfied with the outcome or otherwise does 
not voluntarily abide by the AI system’s decision, can B obtain a 
court order enforcing that decision? That is the question this article 
addresses. It does not examine whether parties can validly agree 
to AI arbitration as a matter of contract formation or whether 
such agreements are unconscionable or violate public policy as 
a threshold matter. It is assumed that parties have validly agreed 
to AI arbitration and the focus is solely on whether the resulting 
award can be judicially enforced under the FAA.

Before examining enforceability, it is essential to clarify what 
is meant by “AI arbitration,” as current practice reveals a spectrum 
of AI involvement. At one end, human arbitrators routinely use AI 
tools for document review, legal research, or drafting assistance, 
much as they might use legal databases or word processing software. 
These tools enhance efficiency, but the human arbitrator retains 
complete decisional control. The AAA institutional AI guidelines 
contemplate this model and stress that AI “shall not replace the 
arbitrator’s analysis of the facts, law, and evidence.”

In the middle of the spectrum lie “hybrid” or “human-in-the-
loop” models where AI systems draft proposed awards that human 
arbitrators then review, revise, and formally issue. The AAA’s 
recently announced AI Arbitrator operates precisely this way: the 
AI analyzes submissions and generates a draft award, but a trained 
human arbitrator reviews, corrects if necessary, and issues the final 
award. AAA materials emphasize that “no case is decided solely 
by AI” and the award “remains the human arbitrator’s award, not 
the AI’s.”
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At the far end sits pure AI arbitration, in which parties des-
ignate an AI system as the decision-maker without meaningful 
human adjudicatory oversight. The system receives submissions 
and autonomously generates a binding award. 

This article’s enforceability analysis focuses primarily on the 
third model—pure AI arbitration—and argues that such awards 
cannot be confirmed under the FAA. Hybrid models present closer 
questions that are addressed in the eighth section, where we provide 
guidance on distinguishing permissible AI assistance from imper-
missible AI replacement. The distinction matters because statutory 
interpretation depends on whether a human decision-maker with 
legal responsibility stands behind the award.

This spectrum defines the central question with precision: If 
parties validly agree to pure AI arbitration through clear contrac-
tual language, and the AI system issues an award, can that award 
be confirmed under FAA Section 9? This article focuses on federal 
law under the FAA; the New York Convention on the Recognition 
and Enforcement of Foreign Arbitral Awards presents different 
questions that merit separate analysis.

The Framework for Statutory Interpretation

In Loper Bright Enterprises v. Raimondo, the Supreme Court 
overruled Chevron U.S.A. Inc. v. Natural Resources Defense Council, 
Inc., ending decades of judicial deference to agency interpretations 
of ambiguous statutes.5 The Court held that courts must exercise 
independent judgment in determining statutory meaning, using 
traditional tools of statutory construction. “Courts must exercise 
their independent judgment in deciding whether an agency has 
acted within its statutory authority,” the Court declared. While 
Loper Bright addressed administrative law, its textualist methodol-
ogy applies equally to interpreting the FAA.

As Chief Justice John Roberts wrote for the majority:

[Ambiguous] statutes, no matter how impenetrable, do—in 
fact, must—have a single, best meaning. �at is the whole 
point of having written statutes; every statute’s meaning is 
�xed at the time of enactment.6

The implications extend beyond administrative law. Loper 
Bright reflects a commitment to textualism and to the judiciary’s 
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responsibility to “say what the law is.”7 If courts may not defer to 
agencies on statutory meaning, they certainly may not defer to 
private parties’ contractual arrangements that conflict with statu-
tory requirements. The FAA’s terms must be given their ordinary 
meaning as courts determine it, not as stretched by litigants seeking 
novel procedures.

This textualist approach is particularly significant for our analy-
sis. The FAA was enacted in 1925, long before anyone conceived 
of artificial intelligence as we understand it today. A purposivist 
approach might suggest that courts should adapt the statute to 
accommodate technological progress. But Loper Bright forecloses 
that move. The statute’s meaning was “fixed at the time of enact-
ment,” and courts cannot update it to reflect modern innovations, 
no matter how beneficial. If the FAA does not authorize confir-
mation of AI-generated awards based on its 1925 meaning, only 
Congress can change that through amendment.

The Supreme Court has consistently emphasized that determin-
ing ordinary meaning requires attention to context. In Taniguchi 
v. Kan Pacific Saipan, Ltd., the Court examined whether the term 
“interpreter” in a fee-shifting statute included document trans-
lators.8 The Court consulted dictionaries contemporary to the 
statute’s enactment, examined how the term was used in nearby 
statutory provisions, and considered the statute’s structure. This 
contextual approach to ordinary meaning provides the template 
for analyzing “arbitrator” in the FAA.

Similarly, in Dubin v. United States, the Court examined whether 
“means of identification” in the identity theft statute included the 
means itself or only the underlying identity.9 The Court empha-
sized that statutory terms must be read in context, with attention 
to how Congress used related terms throughout the statute. This 
structural analysis applies with equal force to the FAA’s repeated 
use of “arbitrator” and related terms throughout its provisions.

The Supreme Court’s emphasis on context extends beyond 
nearby words to the statute’s overall structure. In FDA v. Brown & 
Williamson Tobacco Corp., the Court held that statutory interpreta-
tion requires consideration of “the specific context in which that 
language is used, and the broader context of the statute as a whole.”10 
When Congress uses terms that describe human characteristics or 
actions, courts presume Congress meant to refer to humans unless 
the statute clearly indicates otherwise.
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The Court’s arbitration jurisprudence has consistently attended 
to statutory text. In Epic Systems Corp. v. Lewis, Justice Neil Gor-
such’s majority opinion emphasized that the FAA “requires courts 
to enforce arbitration agreements according to their terms.”11 But 
this principle presupposes that the underlying procedure quali-
fies as arbitration within the statutory meaning. An agreement to 
resolve disputes through coin flips or trial by combat would not 
be enforceable under the FAA, however clearly expressed. The 
question is whether AI-generated decision-making falls within the 
statutory definition, and Loper Bright instructs that courts must 
answer this question through independent interpretation of the text.

The Major Questions Doctrine

The major questions doctrine, articulated most fully in West 
Virginia v. EPA, provides additional grounds for concluding that 
the FAA does not authorize enforcement of AI-generated awards.12 
The Court held that courts should not presume Congress intended 
to delegate decisions of “vast economic and political significance” 
absent clear authorization.13 “[E]xtraordinary grants of regula-
tory authority” require “clear congressional authorization.”14 This 
reflects a presumption against hidden elephants in statutory 
mouseholes and insistence that Congress speak clearly when effect-
ing major policy changes.15 While the major questions doctrine 
traditionally constrains administrative agencies, its underlying 
logic—that Congress speaks clearly when assigning powers of vast 
economic and political significance—applies with equal force to 
judicial interpretation of the FAA. The Court’s skepticism toward 
implicit delegations of authority is not limited to the executive 
branch; it reflects a broader insistence that major policy shifts 
require legislative enactment.

Recognizing AI-generated arbitral awards would constitute 
precisely the kind of major question requiring explicit congres-
sional authorization. It would transform private dispute resolution, 
affecting billions of dollars in commercial transactions. It would 
raise profound questions about due process, accountability, and 
the meaning of adjudication. It would require courts to develop 
entirely new frameworks for reviewing algorithmic decisions. All 
this would rest on statutory language that, on its face, contemplates 
human arbitrators exercising human judgment.
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The FAA’s silence on AI-generated awards cannot be read as 
implicit authorization for such a fundamental departure from the 
statute’s design. Congress in 1925 could not have contemplated 
algorithmic adjudication, and its use of “arbitrator” must be under-
stood against the background of human decision-making that was 
the only form of arbitration then known. To read the statute as 
authorizing AI-generated awards would locate in congressional 
silence a delegation of vast significance, precisely the interpretive 
move that West Virginia v. EPA forbids. Such a transformation 
requires explicit legislative authorization, not judicial inference 
from statutory silence.

The Statutory Presumption of Human Arbitrators

The FAA’s confirmation provision appears deceptively simple. 
Section 9 authorizes courts to confirm “the award made pursu-
ant to the arbitration” when parties have agreed that judgment 
shall be entered upon the award. But this simple language raises 
fundamental questions when applied to AI-generated decisions: 
What constitutes “the award”? What does “arbitration” mean? And 
crucially, what is an “arbitrator”?

These questions require examining the FAA’s text, structure, 
and context to determine what Congress understood these terms 
to mean in 1925. The analysis proceeds in four steps: examining 
dictionary definitions contemporary to the statute’s enactment; 
analyzing the statute’s structural use of arbitrator-related terms; 
confronting Section 10’s vacatur provisions, which reveal most 
decisively that the FAA presupposes human arbitrators; and exam-
ining the nature of arbitral judgment itself.

The Plain Meaning of “Arbitrator” in 1925

When Congress used the term “arbitrator” in 1925, it adopted 
a term with settled legal meaning. Black’s Law Dictionary (2d ed. 
1910) defined “arbitrator” as “a private, disinterested person, chosen 
by the parties to a disputed question, for the purpose of hearing 
their contention, and giving judgment between them; to whose 
decision (award) the litigants submit themselves either voluntarily, 
or, in some cases, compulsorily, by order of a court.”16
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This definition reveals several assumptions about arbitrators 
that current AI systems cannot satisfy. First, the arbitrator must be 
“a person.” Second, the arbitrator must be “disinterested,” capable 
of having interests that might conflict with the parties’ and of mak-
ing ethical judgments about those conflicts. Third, the arbitrator 
engages in distinctly cognitive processes: “hearing their contention” 
and “giving judgment,” verbs that connote human understanding, 
deliberation, and reasoned decision-making.

Webster’s New International Dictionary (1913) similarly defined 
“arbitrator” as “a person, or one of two or more persons, chosen 
by parties in controversy, to determine their differences.”17 Again, 
the definition explicitly requires a “person” and contemplates the 
exercise of determination, an inherently mental process involving 
weighing competing arguments, evaluating evidence, and reaching 
reasoned conclusions.

Bouvier’s Law Dictionary (1914) described the arbitrator’s role in 
terms that unmistakably contemplate human judgment: “A private 
extraordinary judge chosen by the parties who have a matter in 
dispute, invested with power to decide the same. Arbitrators are so 
called because they have generally an arbitrary power; for if their 
authority is restrained . . . they are not, in strictness of language, 
arbitrators, but referees.”18 This definition’s reference to “arbitrary 
power” assumes a decision-maker capable of exercising discretion, 
a quintessentially human capacity. The word derives from the Latin 
arbiter, meaning one who goes to see, a witness, a judge.

Unsurprisingly, none of these definitions remotely contemplates 
an algorithmic decision-maker. To the contrary, each emphasizes 
precisely human capacities: discretion, judgment, and the ability 
to hear and determine disputes through reasoned analysis. When 
Congress used the term “arbitrator” in 1925, it adopted these settled 
meanings. The statute’s text must be interpreted accordingly.

Structural Evidence: The FAA’s References to Human 
Arbitrators

The FAA’s structure reinforces that arbitrators must be human. 
Section 5 authorizes courts to “designate and appoint an arbitrator 
or arbitrators” when parties fail to agree on selection procedures.19 
This appointment power assumes arbitrators who can be identi-
fied, contacted, and formally designated. Section 7 provides that 
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“arbitrators . . . may summon in writing any person to attend before 
them or any of them as a witness.”20 Advocates and opponents of 
AI decision-making in arbitration can disagree about whether 
an AI system can understand testimony, evaluate credibility, or 
exercise sound judgment. But as a textual matter, the statutory 
requirement that witnesses be summoned to “attend before” the 
arbitrators points clearly in the direction of a human arbitrator. 
A witness cannot really “attend before” a computer program. The 
legal authority to issue summonses contemplates arbitrators who 
understand testimonial relevance, can evaluate credibility, and 
exercise judgment about what evidence to seek.

Section 9’s requirement that awards be “in writing” and “signed 
by the arbitrators” similarly presupposes human decision-makers.21 
While AI systems can generate text, the concept of a signature tra-
ditionally involves personal authentication of a document’s contents 
by someone who takes responsibility for them. An AI system can-
not “sign” in this meaningful sense because it cannot take moral 
or legal responsibility for its outputs.

The Dictionary Act’s definition of “person” does not resolve this 
question in favor of AI arbitrators. While the Act defines “person” 
to include “corporations, companies, associations, firms, partner-
ships, societies, and joint stock companies, as well as individuals,”22 
the Supreme Court has explained that this definition applies only 
when “the context indicates” such an expansive reading is appro-
priate.23 Context here indicates otherwise.24

One might argue that if corporations qualify as “persons,” AI 
systems should too. But this analogy fails. Every entity the Diction-
ary Act includes is a legal person capable of acting through human 
agents.25 Corporations serve as arbitrators only by designating 
human representatives who conduct proceedings and render deci-
sions. The corporation provides institutional structure; humans 
provide judgment. An AI system, by contrast, would render the 
decision without human agency.26 The Dictionary Act’s inclusion of 
corporations thus does not support extending “person” to include 
AI systems that operate without human cognition.

While the Court does not generally look to comparative law 
when construing federal statutes, the conclusion that arbitrators 
must be human finds support in comparative law. Several civil law 
jurisdictions have codified what the FAA’s text implies. Portugal’s 
Voluntary Arbitration Act mandates that “[a]n arbitrator must 
be a natural person” with full legal capacity.27 The Netherlands 
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Arbitration Act contains the same requirement: arbitrators “must 
have legal capacity and be natural persons.”28 France requires natural 
person arbitrators in domestic arbitration, though this restriction 
does not apply to international arbitration.29 A recent comparative 
survey of arbitration statutes across 11 jurisdictions concluded that 
none “clearly and unequivocally provide for a robot to be used as 
an arbitrator.”30 While the FAA does not contain equally explicit 
language, its use of human-referent pronouns in Section 5 and its 
vacatur grounds presupposing moral agency place it functionally 
in the same category. The international consensus reinforces a 
reading of the FAA that aligns with the global understanding of 
what arbitration requires.

The Section 10 Problem: Human-Centric Vacatur Grounds

Section 10 provides decisive textual evidence that the FAA 
presupposes human arbitrators. The statute identifies four grounds 
for vacating arbitral awards, each premised on distinctly human 
characteristics or capacities.31 When examined closely, these provi-
sions reveal that Congress assumed arbitrators would be persons 
capable of corruption, fraud, partiality, misconduct, and exceed-
ing delegated authority, all concepts presupposing human agency, 
judgment, and moral capacity.

Section 10(a)(1): Corruption, Fraud, or Undue Means

Section 10(a)(1) permits vacatur “where the award was pro-
cured by corruption, fraud, or undue means.”32 Each term in this 
provision presupposes human moral agency. “Corruption” requires 
intentional wrongdoing by a person capable of understanding 
ethical obligations and choosing to violate them. “Fraud” involves 
deliberate deception, an act requiring the intent to mislead. Federal 
courts have interpreted “undue means” to require conduct that is 
“immoral if not illegal” and “tantamount to corruption.”33

These terms cannot coherently apply to AI systems. An algo-
rithm cannot be “corrupt” because it cannot understand or violate 
ethical duties. It cannot commit “fraud” because it cannot form the 
intent to deceive. It cannot employ “undue means” because it cannot 
engage in the kind of intentional misconduct the phrase contem-
plates.34 When an AI system produces a flawed output, this reflects 
programming errors or data problems, not moral turpitude. The 
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statute’s language assumes a decision-maker capable of choosing 
between right and wrong conduct, and current AI systems possess 
no such capacity.

Section 10(a)(2): Evident Partiality or Corruption

Section 10(a)(2) permits vacatur “where there was evident 
partiality or corruption in the arbitrators, or either of them.” 
“Partiality” means favoring one party over another based on rela-
tionships, interests, or prejudices. An arbitrator exhibits partiality 
when personal relationships, financial interests, or preexisting 
opinions cause them to favor one party unfairly. While AI systems 
can produce skewed results reflecting biased training data, this is 
not “partiality” in any ordinary sense. The statute contemplates 
vacatur based on the arbitrator’s mental state, a concept inappli-
cable to algorithms.

The Supreme Court established the modern framework for 
evident partiality in Commonwealth Coatings Corp. v. Continental 
Casualty Co., holding that arbitrators must disclose “any dealings 
that might create an impression of possible bias.”35 The Court 
emphasized that arbitrators are held to higher standards than 
judges because parties have limited recourse against arbitrators. 
This standard presupposes arbitrators capable of having interests, 
relationships, and preferences. An AI system has no financial inter-
ests to disclose, no professional relationships creating obligations, 
and no personal preferences favoring particular outcomes.

Federal courts addressing partiality claims examine whether 
arbitrators deliberately tilted proceedings or decisions to favor 
particular parties.36 The circuit courts apply tests asking whether 
“a reasonable person would have to conclude that an arbitrator was 
partial to one party.”37 These standards assume a decision-maker 
capable of partiality in the psychological sense. An algorithm can-
not be partial; it can only produce outputs reflecting its training 
data and architecture.

The conceptual mismatch between Section 10(a)(2)’s language 
and AI systems creates an enforcement gap. The provision exists to 
protect parties from biased decision-makers. Yet when applied to AI 
systems, it provides no meaningful protection because algorithmic 
bias falls outside the statute’s framework. A party might prove that 
an AI arbitrator’s training data systematically disadvantages certain 
claimants, but this showing would not establish “evident partiality” 
as courts have interpreted that term.



2026] �e Silicon Arbiter 251

Section 10(a)(3): Misconduct and Misbehavior

Section 10(a)(3) permits vacatur where “the arbitrators were 
guilty of misconduct in refusing to postpone the hearing, upon 
sufficient cause shown, or in refusing to hear evidence pertinent 
and material to the controversy; or of any other misbehavior by 
which the rights of any party have been prejudiced.” The phrase 
“guilty of misconduct” is inherently moral. Guilt implies culpability, 
a conscious choice to act improperly despite awareness of correct 
conduct. This language makes sense only for human actors capable 
of ethical judgments.

An AI system cannot engage in “misconduct” because it cannot 
comprehend behavioral norms or choose to violate them. It operates 
according to its programming; when it produces unintended results, 
this reflects programming errors or data problems, not wrongful 
conduct. The specific examples in Section 10(a)(3)—refusing to 
postpone a hearing or refusing to hear evidence—further reveal the 
statute’s presumption of human arbitrators who exercise judgment 
about procedural matters.

Section 10(a)(4): Exceeding Powers

Section 10(a)(4) permits vacatur where “the arbitrators exceeded 
their powers, or so imperfectly executed them that a mutual, final, 
and definite award upon the subject matter submitted was not 
made.” This provision assumes arbitrators capable of understand-
ing the scope of their delegated authority and either respecting or 
exceeding those limits. The concept of “exceeding powers” presup-
poses an agent who understands what they are authorized to do 
and chooses to do something beyond that authorization.

Applied to human arbitrators, this ground makes perfect sense. 
An arbitrator exceeds their powers when they decide issues the par-
ties did not submit, apply law the parties contractually excluded, or 
award relief the parties’ agreement does not permit. These actions 
involve understanding the parties’ intentions, recognizing bound-
aries, and making decisions that transgress those boundaries. AI 
systems cannot “exceed their powers” in this meaningful sense 
because they have no understanding of authority, boundaries, or 
delegation. They execute algorithms. When an AI produces an out-
put beyond what parties intended to authorize, this reflects defec-
tive programming or ambiguous inputs, not deliberate overreach.

Taken together, these textual requirements create what might 
be called a “vacatur gap”: a jurisprudential void where algorithmic 
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errors, hallucinations, and biases are immune from the statutory 
checks Congress designed to ensure arbitral integrity. Section 10 
exists to police arbitral misconduct, but its provisions presuppose 
a decision-maker capable of moral failure. An algorithm cannot 
be bribed, cannot harbor hidden loyalties, cannot willfully ignore 
evidence. Yet an algorithm can produce outcomes infected by 
training data bias, fabricated citations, or systematic errors that 
disadvantage particular classes of litigants. Under the current statu-
tory framework, such outcomes would be unreviewable. The very 
safeguards Congress enacted to protect parties from arbitral abuse 
become nullities when the arbitrator is a machine. This gap is not 
a minor technical problem; it represents a fundamental breakdown 
in the enforcement architecture that makes arbitration a legitimate 
alternative to judicial resolution.

The Nature of Arbitral Judgment

Beyond Section 10’s specific terms, the FAA’s structure presup-
poses that arbitration involves the exercise of human judgment. 
Arbitrators weigh evidence, assess credibility, interpret contracts, 
and exercise discretion in fashioning remedies. Leading scholar-
ship on AI has demonstrated that current AI models, despite their 
sophistication, operate through statistical pattern recognition 
fundamentally different from legal reasoning.38 AI systems identify 
patterns in training data and generate outputs statistically likely to 
match those patterns. They do not engage in the purposive inter-
pretation of legal texts or the moral evaluation of human conduct 
that arbitration requires.39

Consider witness credibility assessment, central to many arbi-
tral proceedings. A human arbitrator observes demeanor, detects 
hesitation, notes inconsistencies in tone, and integrates these 
observations with documentary evidence and common sense. This 
involves what philosophers call “practical wisdom”: the capacity to 
perceive morally salient features of a situation and respond appro-
priately. While AI systems can process transcripts and identify 
verbal patterns, they lack the capacity for genuine comprehension 
that characterizes human judgment. As leading AI researchers have 
acknowledged, current systems operate through sophisticated cor-
relation rather than understanding; they identify statistical patterns 
without grasping meaning.40
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Contract interpretation provides another illustration. When 
the Supreme Court instructs arbitrators to construe contracts by 
asking what a reasonable person in the parties’ position would have 
understood a term to mean, it presupposes an interpreter capable 
of imaginatively inhabiting human perspectives.41 An AI system 
simulates this inquiry by generating text statistically similar to 
outputs in its training data. But simulation is not the thing itself. 
The reasonable person standard assumes a mind capable of under-
standing intention, context, and commercial purpose.

* * *

Editor’s note: This article will conclude in the next issue of The 
Journal of Robotics, Artificial Intelligence & Law.
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